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What is Artificial Intelligence (AI)?
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What can you do with ML?
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Deep Learning
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Recent trends: Scaling up

Large language model metrics
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Getting started



Google Colab
colab.research.google.com



Why AutoML is awesome

Fast (seconds or minutes)
Good results

RESULTS (BEST VALUES IN BOLD).

Dataset Measure Best OpenML

AutoML OpenML Attempts
0.919 0.930

st (H20 AutoML) (Pipeline) 132
; 0.803 0.800

Credit AUC (H20 AutoML) (Ranger) 419,021
; 0.825 0.842

Diabetes s (XGB) 132,164
1.000 0.938

Qs (TransmogrifAl) (XGB) 147659
0.545 0.572

Cme (Auto-Sklearn) (Pipeline) 21446
0.236 0.262

Dmft Micra T (TransmogrifAl) (Pipeline) 19,445
0.745 0.772

e (AutoGluon) (Pipeline) 22136
; 0.820 0.870

Vehicle (AutoGluon)  (Pipeline) 23,532
38.59 38.60

Cholesterol (TransmogrifAI) (Cforest) 160
. 0.256 0.268

Clgud MAE (TransmogrifAl) (Pipeline) 2

Liver 2.329 2.309 e

Disorders (Auto-Sklearn) (Pipeline)
Pliisiiiii 1523 152.6 15

(AutoGluon)  (Pipeline)




